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In a sensitivity analysis, multiple imputation was used for the 66 individuals excluded because of missing vascular covariate data. Under the assumption that vascular risk factors (systolic blood pressure, body mass index, anti-hypertensive usage, smoking and diabetic status) from which the FHS-CVS were derived were missing at random, missing vascular variables at the three time-points were imputed by chained equations using the Mi package in Stata 14.1. Imputations were carried out separately for each outcome, with each imputation model including all predictor variables and the outcome variable (plus available vascular risk factor variables at the other ages). 50 imputed datasets were generated for each outcome. Linear regression was used as the imputation model for systolic blood pressure and body mass index and logistic regression was used as the imputation model for anti-hypertensive usage, smoking and diabetic status. These imputed vascular risk factor values were then used to derive 50 imputations for FHS-CVS scores at each age. One FHS-CVS score could not be imputed at age 36 because the individual's diabetes status could not be imputed. The models for each outcome were then run for each set of imputed FHS-CVS scores and results combined using Rubin's rules. 
